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Abstract

We analyse the effects of the Covid-19 crisis on the economic situation of 50+ Europeans. We construct a financial
distress indicator that captures experiencing an income loss, difficulties to make ends meet and the need to postpone
payments. We find that education and income before the pandemic have a protective role, and so does being past
retirement age. For households under retirement age, instead, the pandemic has exacerbated inequalities.

We also investigate whether households report worse difficulties in making ends meet compared to the pre-COVID period.
We show that their ability to make ends meet worsens more with income losses during the pandemic compared to losses
experienced in the two-year period before the pandemic.
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1. Introduction

In this paper, we investigate the impact of the (first wave of the) Covid-19 pandemic on individuals aged 50
or more who live in 27 European countries or Israel by analyzing changes in household income and various
indicators of financial distress. We use recent SHARE data to identify the groups that have faced the most
severe economic consequences, with potentially long-term implications, including the increased risk of
poverty and social exclusion.

The COVID-19 pandemic has had a major impact on the lives and health of most individuals, and on the
economy in general, and the labour market in particular. One of the first policy reactions in many countries
facing the outbreak of COVID-19 was to impose lockdown restrictions. The aim of those interventions was to
reverse epidemic growth, reduce significantly severe case numbers, and stop the epidemic spread. Lockdown
policies were successful in controlling the spread of the virus during the first wave of the pandemic, but also
generated important economic consequences, unevenly distributed among different individuals.

Negative economic consequences are typical traits of recessions. However, recessions due to financial crises,
such as the Great Recession, have different effects compared to pandemic recessions. Firstly, in the Great
Recession, all age groups, education levels, and income quintiles experienced income declines (De Nardi et
al., 2012). Secondly, many households were adversely affected by the Great Recession even if their income
did not change, as the value of their homes or retirement savings plummeted (Meyer and Sullivan, 2013). On
the other hand, lessons from the Great Recession that are relevant to the pandemic are that job losses have
persistent effects on employment and income for older workers who are less likely to find a job similar to
their previous one and may be forced to opt for early retirement (Bui, Button and Picciotti, 2020; Li and
Mutchler, 2020).

We show that the pandemic is leading to increased economic inequality in the 28 countries we consider. This
is not surprising, because less educated and less well-paid workers are more vulnerable to income losses and
layoffs (ILO, 2020; Stiglitz, 2020), while working from home is more easily available to the better paid, better
educated workers (Deaton, 2021). The impact of the COVID-19 pandemic also depends on country
characteristics (Fana, Torrejon Pérez and Fernandez-Macias, 2020): countries that rely on service activities,
such as Mediterranean countries, are more likely to suffer.

Understanding the full extent of the economic and social costs of the pandemic, ranging from job losses to
shuttered businesses, is of critical importance to develop effective and sustainable policies, to evaluate the
current epidemic governmental responses, to make plans to emerge from the pandemic, and to prepare for
future pandemics as well.

We investigate the relation between economic effects of the Covid-19 crisis and various socio-demographic,
economic, and employment indicators. We contribute to the literature in several dimensions. First, we
exploit the longitudinal and international dimension of SHARE data. Second, we investigate and document
the effects of household type (singles versus couples), age, education, income, employment, and policy
interventions on financial distress. Third, we propose a new comprehensive measure of household financial
distress.

The econometric analysis of our financial distress indicator highlights the protective role of education and
income before the onset of the pandemic. We also find that those who did not report difficulties in making
ends meet in the past were less likely to be in financial distress during the pandemic. We find that
employment related events (such as job loss or reduced working hours) are an important channel through
which the pandemic negatively affected household economic conditions. The possibility to work from home
instead reduced financial distress. Taken together, these results confirm that the pandemic had a milder
effect on the better off, thus exacerbating economic inequality (at least among working age individuals).



We also investigate variations in the ability to make ends meet between the wave 7 of SHARE (run in 2017-
18) and the SHARE Corona survey (run in June-July 2020). We show that while age has again a protective role,
the ability to make ends meet worsens with either an income loss due to the Covid-19 crisis or more generally
anincome loss across waves. The increase in the probability of a worsening due to losses during the pandemic
is almost four times larger than the increase induced by losses across waves. The level of income before the
outbreak of Corona, instead, retains its protective role. We find that employment conditions and their
variations (before and during the pandemic) do not affect the probability of a make ends meet deterioration.
The only notable exception is a reduction of working hours that followed the crisis outbreak - that increases
the probability of a worsening. Among other sources of income, real and financial investments reduce the
probability of a worsening, while owning a business increases it. On the contrary, being tenant and the length
of governmental restrictions increase the probability of financial distress. The same variables affect
improvements in ability to make ends meet but in the opposite direction. We observe that, in the latter case,
being in a couple has a negative effect by reducing the probability of improvement.

An important finding of our analysis is that individuals past retirement age are less likely to be in financial
distress or to face increased difficulties in making ends meet, and this confirms that the European public
pension (social security) systems have been successful in protecting older individuals. Income support
measures for younger individuals do not seem to have worked as well, instead.

The paper is organized as follows. Section 2 presents the data; Section 3 shows descriptive statistics while
Section 4 reports regression results. Section 5 concludes.

2. The data

We use data drawn from the Survey of Health, Ageing and Retirement in Europe (SHARE), a longitudinal,
multi-disciplinary, retrospective, and cross-national European dataset. The dataset includes current and
retrospective information on health, socio-economic status and social and family networks of individuals
aged fifty or older in (currently) twenty-seven European countries (plus Israel). We use data from waves 1-2
and 4-8 as well as the first SHARE Corona Survey in wave 8 (Scherpenzeel et al., 2020, Borsch-Supan, 2020.
See also Borsch-Supan et al. 2013). Data Resource Profile: The Survey of Health, Ageing and Retirement in
Europe (SHARE). International Journal of Epidemiology. DOI: 10.1093/ije/dyt088). This allows us to account
for different detailed characteristics, at the individual or household level, and highlights heterogeneous
economic consequences of the epidemic related to prior conditions.

We only partially use data from wave 8 as data collection was suspended in March 2020 due to the Corona
outbreak. Shortly after the Corona outbreak, in June 2020, a new telephone administered survey, the SHARE
Corona survey, was introduced with the aim to collect data on health and socio-economic impacts of COVID-
19 among SHARE respondents.

Our sample includes individuals aged 50 or more (and their spouses or partners) living in twenty-five
European countries, namely Belgium, France, Germany, Luxembourg, Switzerland, Sweden, Denmark,
Finland, Spain, ltaly, Greece, Portugal, Cyprus, Malta, Estonia, Latvia, Lithuania, Poland, Czech Republic,
Slovakia, Hungary, Bulgaria, Romania, Slovenia, and Croatia, plus Israel.!

In the SHARE Corona survey participants were asked to report, among other things, the economic and
working conditions before and during the pandemic. Since we are interested in investigating the impact of
the first wave of the pandemic on household economic inequality, we focus on a subset of this information.

1 We do not consider Austria and the Netherlands. For the former country, SHARE Corona data are not yet available,
while for the latter not all needed data are available in wave 7.
2



For the economic aspects we use information about the ability to make ends meet (both in wave 7 and in
SHARE Corona survey), the lowest household income, the need to postpone payments or dip into savings
during the pandemic, but also on the household typical monthly income before the pandemic.? The ability to
make ends meet is a widely used indicator of the general financial conditions (e.g., Saunders et al., 1994), in
which individuals evaluate their conditions with respect to their household needs. In SHARE, this subjective
measure is evaluated on an ordered scale with four response options: with great difficulty, with some
difficulty, fairly easily, and easily. We define a binary indicator for households with some or great difficulties.
For households reporting difficulties, there are two follow-up questions regarding (1) the need to postpone
regular payments such as rent, mortgage and loan payments, and/or utility bills and (2) the need to dip into
savings to cover necessary day-to-day expenses.

As regards the working conditions we use information on the employment situation before the pandemic
(reported both in wave 7 and in SHARE Corona survey), and employment conditions since its outbreak: place
of work (home and/or usual workplace); potential job interruptions due to unemployment, lay off or business
closure; and reduction of working hours.?

Questions on household income and the ability to make ends meet were asked also in previous regular waves.
This allows us to take a longitudinal perspective, which is a peculiar characteristic of SHARE.

The data allows us not only to have a broad perspective on the economic impact of the first wave of the
pandemic on European working-age (between 50 and 64) and retirement-age (over 64) households, but also
to investigate and highlight differential effects among countries.

We restrict our sample to respondents answering the SHARE Corona survey and taking part to the last publicly
available wave (wave 7). In our final sample, there are 45,444 individuals participating to the SHARE Corona
survey and observed in wave 7 (for whom we have a longitudinal perspective), plus 6,866 individuals
participating only in the COVID survey. Our economic outcomes of interest are defined at the household
level: in our sample, we observe 35,578 households. However, we restrict our sample to the 19,277
households (28,652 respondents) who provided all information needed for our analyses.

Tab. 1 reports the weighted summary statistics for our outcomes of interest. Household income is in Euros
per month. The average value in the sample is about €2,200 (standard deviation 1,562). The mean value of
the lowest overall monthly income, after taxes and contributions, that households report is, instead, about
€ 2,126 (standard deviation 1,541). This suggests that, on average, the drop in income has been moderate
(3.4%), but this is in line with the fact that a large fraction of sample respondents are pensioners who rely on
public social security pensions or other social protection benefits for older persons. If we split the sample
between ‘working-age’ and ‘retirement-age’ households, where the former households have at least one
member under 65 in the couple, we can see that the average income drop among the former is 4.7%
compared to 1.7% among the latter. This is prima facie evidence that social security systems have effectively
protected older individuals. Moreover, Tab. 1 reports the percentage of households that experienced an
income loss of at least 5% during the pandemic (i.e., the lowest household income during the pandemic is at
least 5% lower than the typical household income before the outbreak of the pandemic.). In line with the
similar amounts of typical and lowest overall monthly incomes in Tab. 1, only 11% of households experienced

2 For both the lowest household income during the pandemic and the household typical income before the pandemic,
respondents were asked to provide the amount of the overall monthly income, after taxes and contributions, for the
entire household. For the former income, the lowest during the pandemic, respondents were requested to include any
financial support they may have received since the outbreak of the pandemic.

3 The questions on the employment situation before the pandemic ask the respondent his situation at the time of the
interview (wave 7) or at the time when Corona broke out (SHARE Corona survey). Employed respondents include
employees or self-employed, and those working in a family business.
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an income loss. It is worth noting that the lowest monthly income includes financial support households may
have received (from government, employer, relatives, friends, or others) and, thus, the limited income loss
may reflect the efficacy of government policies in contrasting the negative economic consequences of the
pandemic on household incomes.

Households experienced an average income loss also between wave 7 and the SHARE Corona survey. Typical
income decreased by 5.42%, but it was much larger for ‘retirement-age’ households, 9.65%, than for
‘working-age’ households, 1.70%.

Tab. 1 Summary statistics (SHARE Corona) — household economic and employment outcomes

Outcomes Mean St. dev. Obs.
Typical overall monthly income SHARE Corona 2,199.92 1,562.34 19,277
At least one HH member under 65 2,587.09 1,722.24 5,504
All HH members 65+ 1,856.15 1,312.87 13,773
Lowest overall monthly income 2,126.17 1,541.06 19,277
At least one HH member under 65 2,465.88 1,709.02 5,504
All HH members 65+ 1,824.54 1,302.71 13,773
Typical overall monthly income Wave 7 2,326.05 1,938.37 19,277
At least one HH member under 65 2,631.88 1,894.74 5,504
All HH members 65+ 2,054.49 1,936.36 13,773
Income loss 0.11 0.31 19,277
At least one HH member under 65 0.18 0.38 5,504
All HH members 65+ 0.05 0.21 13,773
Difficulties in Making ends meet 0.30 0.46 19,277
Postpone payments 0.10 0.30 6,628
Dip into savings 0.24 0.42 6,628
Employment 0.35 0.48 19,277
Job interruption 0.21 0.40 4,098
Number of weeks of job interruption 7.10 4.37 568
Work from home 0.40 0.49 4,098
Reduction in working hours 0.22 0.41 3,754

Tab. 1 The table shows household descriptive statistics (mean, standard deviation, and number of observations), weighted using
calibrated cross-sectional household weights, of economic and employment outcomes in the SHARE Corona survey and in wave 7 (only
typical income). Incomes, typical and lowest, are in Euros and represent, respectively, the typical household income in 2017 (wave 7)
and before Corona broke out (SHARE Corona), and the lowest household income during the first wave of the pandemic. For each
income variable, the table also shows summary statistics for households with at least one member younger than 65, and for
households with all members 65 or more. Income loss is a binary variable that takes value one if the household reports an income loss
during the first wave of the pandemic. We consider an income loss when the lowest household income during the pandemic is at least
5% lower than the typical household income before the outbreak of the pandemic. Difficulties in making ends meet is a binary
indicator, taking value one if the household reports having had some or great difficulties in making ends meet since the outbreak of
Corona. Postpone payments and deep into savings variables report information on households with difficulties in making ends meet
who postponed payments (such as rent, mortgage and loan payments, and/or utility bills) and/or dipped into savings to cover day-to-
day expenses. Employment is a binary variable that equals one if there was at least one employed household respondent at the time
when Corona broke out. Job interruption and work from home are employed households with at least one respondent who,
respectively, experienced job interruption and worked from home (both work from home only, as well as work from home and at the
usual workplace) during the pandemic. Number of weeks of job interruption is a follow up question in case someone in the household
reports a job interruption and equals the maximum among household respondents. Reduction in working hours is a variable reflecting
reduced working hours for households with at least one employed respondent who did not experience job interruptions during the
pandemic.

Source: Authors’ elaboration using SHARE Corona data.

Tab. 1 highlights that in our sample the fraction of households reporting (some or great) difficulties in making
ends meet is about 30%. Among those, 10% had to postpone payments and 24% used their savings to cover
necessary day-to-day expenses. It is worth noting that among the possible answers to the dip-into-savings
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guestion, there is not the option “had no savings”. Therefore, among households who report failing to dip
into savings there will be some who chose not to use them and others who could not use them because they
did not have any.

Policy interventions introduced in many countries aimed at containing the spread of the virus affected
asymmetrically individuals and households depending on their pre-determined characteristics. A key role was
played by the employment status. Incomes from pensions were generally unaffected; labour income and
incomes from other sources could experience a sharp drop since the outbreak of Corona, depending, among
other factors, on the occurrence of job interruption, the possibility to work remotely and/or on the reduction
of the working hours. We can see from Tab. 1 that 35% of the households were employed at the time Corona
broke out. Among them, 21% experienced at least one job interruption due to unemployment, lay off or
business closure, with an average number of interruption weeks of 7.10, and 40% worked, at least partly,
from home. In the subsample of households with at least one employed partner who did not experienced
job interruptions, 22% reduced their working hours during the pandemic.

Tab. 2 Summary statistics (SHARE Corona) — socio-demographic characteristics

Characteristic Mean St. dev. Obs.
Maximum Age 69.38 9.64 19,277
Minimum Age 67.12 10.21 19,277
Gender — female 87.28% 19,277
Marital status — couple 62.09% 19,277
Household composition 19,277

Single younger than 65 11.63%

Single 65 or older 26.28%

Couple with at least one member under 65 35.40%

Couple with all members 65+ 26.69%
Household size 2.08 0.98 19,277
Education 19,277

Primary 12.37%

Lower secondary 14.45%

Upper secondary 39.03%

Post-secondary non-tertiary 4.52%

Tertiary 29.63%

Tab. 2 The table shows descriptive statistics (mean, standard deviation, and number of observations), weighted using calibrated cross-
sectional household weights, of SHARE Corona survey respondents’ socio-demographic characteristics. Age, and education refer to,
respectively, maximum/minimum age and maximum educational attainment between household respondents. Gender is a binary
indicator, taking value one if there is at least one female between the respondents. Marital status is a binary indicator that equals
one if household respondents are in a couple, and zero in case of a single household respondent. Household composition classifies
households in singles or couples and, among them, according to age. Household size takes values between 1 and 11.

Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data.

Tab. 2 describes our sample in terms of socio-demographic characteristics: age, gender, marital status,
household size and education (expressed according to the International Standard Classification of Education
— ISCED).

We can see from Tab. 2 that the average maximum and minimum age (within household respondents) are,
respectively, 69.38 (standard deviation 9.64) and 67.12 (standard deviation 10.21). The sample is composed
by 87.28% households with at least one female between the respondents; 11.63% are single under-65
respondents, 26.28% are single over-64 respondents, 35.40% are couples with at least one member younger
than 65, and 26.69% are couples with all members older than 64. The average household size is 2.08 with a



standard deviation of 0.98. The majority (70.37%) of households have a medium-low level of education
(primary to post- secondary).

Finally, we complement the analysis exploiting data from the Oxford COVID-19 Government Response
Tracker (OxCGRT). The OxCGRT collects information on several common policy interventions that
governments implemented to respond to the pandemic. Especially, we will use information about the
strictness and length of ‘lockdown style’ closures and containment policies (the so-called “stringency
index”)* Our aim is to capture the intensity of, and the period covered by policy interventions and their
potential economic consequences for different individuals.

3. Variables of interest: descriptive statistics

This section presents a descriptive analysis of economic outcomes during the first wave of the pandemic for
different subsamples of the population of interest. The aim is to highlight the most relevant household
characteristics associated to severe economic consequences due to the pandemic.

3.1 Country heterogeneity

Since the outbreak of the pandemic, governments have introduced interventions aimed to reduce the
negative health and economic impacts of COVID-19. Whereas these policies are similar across countries, not
only severity and speed at which countries responded to the pandemic vary, but also country characteristics
differ substantially®. All these aspects have generated a great variability in terms of economic impact among
the surveyed countries that we describe in this subsection.

From Tab. 1, we noticed that, in the whole sample, 30% of households report some or great difficulties in
making ends meet during the first wave of the pandemic. However, when comparing the percentage of
households having difficulties in making ends meet among countries in Tab. 3 column 1, we can see how this
percentage ranges from 6% to 91%. Difficulty in making ends meet shows great variability among countries
with just nine of them reporting percentages below the average value (30%). With respect to wave 7, ability
to make ends meet shows great persistence.

To cope with economic difficulties, households may decide to defer payments and/or use their savings. Tab.
3 shows that, among households with difficulties in making ends meet during the pandemic, 10% postponed
regular payments while 24% dipped into savings. The need to postpone payments shows limited variation
among countries, with a minimum of 1% and a maximum of 27%. The need to dip into savings to cover the
necessary day-to-day expenses shows, instead, a greater variability: it goes from 4% to 54%. Little use of
savings in some countries may result from the absence or small amount of savings in financially distressed
households.®

4 The stringency index measures, using a score between 0 and 100, the strictness of ‘lockdown style’ closures and
containment policies adopted by governments.
> We refer the reader to the appendix (section A.3) for more details on the relation between restrictions severity
(derived from the OxCGRT “stringency index”) and ability to make ends meet.
& According to Eurofound (2020), in July 2020, 54% of EU27 households were not able to maintain their standard of
living for more than three months without income. Household ability to get by on savings is lower than the EU27 average
in thirteen countries (Latvia, Poland, Croatia, Bulgaria, Romania, Greece, Hungary, Lithuania, France, Estonia, Slovenia,
Finland, and Portugal). These countries often correspond to those we find making little use of savings.
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Tab. 3 Summary statistics (SHARE Corona and wave 7) — economic outcomes

Germany 0.13 0.33 1,266 | 0.16 0.37 1,266 | 0.06 0.24 130 0.29 0.45 130
Sweden 0.08 0.27 685 | 0.09 0.29 685 | 0.06 0.24 78 0.31 0.47 78
Spain 0.33 0.47 465 | 0.41 0.49 465 | 0.09 0.29 143 0.32 0.47 143
Italy 0.46 0.50 1,245 | 0.54 0.50 1,245 | 0.16 0.36 567 0.28 0.45 567
France 0.17 0.37 901 | 0.22 0.42 901 | 0.08 0.27 156 0.30 0.46 156
Denmark 0.06 0.23 971 | 0.08 0.28 971 | 0.01 0.11 64 0.42 0.50 64
Greece 0.91 0.29 838 | 0.88 0.32 838 | 0.17 0.38 756 0.15 0.35 756
Switzerland 0.15 0.36 662 | 0.15 0.36 662 | 0.09 0.29 90 0.30 0.46 90
Belgium 0.15 0.35 1,899 | 0.24 0.43 1,899 | 0.11 031 331 0.32 0.47 331
Israel 0.54 0.50 300 | 0.49 0.50 300 | 0.06 0.24 129 0.09 0.28 129
Czech Rep. 0.12 0.32 1,107 | 0.25 0.43 1,107 | 0.04 0.19 104 0.54 0.50 104
Poland 0.53 0.50 836 | 0.55 0.50 836 | 0.06 0.24 408 0.14 0.35 408
Luxembourg 0.07 0.26 222 | 0.14 0.34 222 | 0.03 0.17 23 0.14 0.35 23
Hungary 0.81 0.39 271 | 0.75 0.43 271 | 0.18 0.39 198 0.28 0.45 198
Portugal 0.51 0.50 360 | 0.58 0.49 360 | 0.04 0.18 192 0.15 0.36 192
Slovenia 0.49 0.50 1,301 | 0.54 0.50 1,301 | 0.04 0.20 646 0.04 0.20 646
Estonia 0.33 0.47 2,236 | 051 0.50 2,236 | 0.02 0.16 719 0.08 0.27 719
Croatia 0.62 0.49 703 | 0.68 0.47 703 | 0.06 0.25 433 0.12 0.32 433
Lithuania 0.43 0.50 601 | 0.63 0.48 601 | 0.03 0.18 266 0.15 0.36 266
Bulgaria 0.67 0.47 360 | 0.81 0.39 360 | 0.14 0.35 246 0.25 0.43 246
Cyprus 0.48 0.50 86 | 0.56 0.50 86 | 0.14 0.35 43 0.33 0.47 43
Finland 0.16 0.37 495 | 0.24 0.43 495 | 0.27 0.45 74 0.34 0.48 74
Latvia 0.56 0.50 299 | 0.68 0.47 299 | 0.09 0.28 172 0.08 0.27 172
Malta 0.32 0.47 239 | 0.50 0.50 239 | 0.02 0.14 80 0.19 0.40 80
Romania 0.70 0.46 535 | 0.72 0.45 535 | 0.07 0.26 372 0.12 0.33 372
Slovakia 0.55 0.50 394 | 0.49 0.50 394 | 0.05 0.22 208 0.12 0.33 208
Total 0.30 0.46 19,277 | 0.35 0.48 19,277 | 0.10 0.30 6,628 0.24 0.42 6,628

Tab.3 The table shows for each country household descriptive statistics (mean, standard deviation, and number of observations),
weighted using calibrated cross-sectional household weights, of economic variables in the SHARE Corona survey and in wave 7.
Difficulties in making ends meet is a binary indicator, taking value one if the household reports having had some or great difficulties
in making ends meet. Postpone payments and deep into savings variables report information on households, with difficulties in making
ends meet (in the SHARE Corona survey), who postponed payments (such as rent, mortgage and loan payments, and/or utility bills)
and/or dipped into savings to cover day-to-day expenses during the first wave of the pandemic.

Source: Authors’ elaboration using SHARE Corona and SHARE waves 7 data.

3.2 Employment and economic outcomes

Participation in the labour market by working age individuals is obviously important in many respects, not
least for their contribution to the overall household income. In this section, we assess the role of Covid-
related job interruptions (due to unemployment, lay off or business closure) and reduction of working hours
on household economic conditions.



Focusing on employed households, we define households with job interruption as households in which at
least one respondent, who was employed before the pandemic, experienced one or more job interruptions
during the pandemic.”

Tab. 4 describes our sub-sample (4,098 employed households) according to occurrence of job interruption.
Tab. 4 shows that 21% of households experienced a job interruption. However, job interruption shows great
variability among countries with just seven of them reporting percentages above the average value.

Tab. 4 Summary statistics (SHARE Corona) — job interruptions

Country Mean SD Obs. Country Mean SD Obs. Country  Mean SD Obs.
Germany 0.16 0.37 393 Israel 0.10 0.30 67 Lithuania 0.14 0.35 182
Sweden 0.10 0.30 157 Czech Rep. 0.16 = 0.36 172 Bulgaria 0.19 | 0.40 104
Spain 0.26 0.45 51 Poland 0.04 0.20 175 Cyprus 0.42 0.52 12
Italy 0.22 0.42 167 Luxembourg  0.21 = 0.41 24 Finland 0.19 | 0.39 160
France 0.43 0.50 127 Hungary 0.04 0.20 31 Latvia 0.03 0.16 75
Denmark 0.05 0.23 366 Portugal 0.24 043 68 Malta 0.08 | 0.28 34
Greece 0.22 042 90 Slovenia 0.30 0.46 91 Romania 0.13 0.34 71
Switzerland = 0.33 = 0.47 160 Estonia 0.08 @ 0.27 664 Slovakia 0.14 | 0.34 127
Belgium 0.18 0.38 402 Croatia 0.09 0.29 128 Total 0.21 04 4,098

Tab. 4 The table shows descriptive statistics, weighted using calibrated cross-sectional household weights, of job interruptions during
the first wave of the pandemic due to unemployment, lay off or business closure. For each country, the table shows the number of
employed households at the time pandemic broke out (Obs.), which are households with at least one employed respondent, and the
fraction of them that experienced at least one job interruption during the pandemic (Mean), that is households with at least one
employed respondent that experienced one or more job interruptions.

Source: Authors’ elaboration using SHARE Corona data.

Job interruptions may be a channel through which the pandemic negatively affected household economic
conditions. Indeed, job interruptions may cause an income loss and, consequently, may lead to financial
distress. In the whole sub-sample of employed households with an income loss, 38.62% also experienced at
least one job interruption. However, income loss cannot be explained by the occurrence of job interruptions
in 61.38% of the sub-sample. Focusing on employed households without job interruptions but with income
losses, reduction of working hours explains an average fraction of 59.03%. Alternative possible explanations
for income losses lie in the reduction of other sources of income.?

3.3 The role of education and age

The pandemic and the consequent government interventions had a heterogeneous economic impact on
individuals and households depending on their pre-determined characteristics, and, among them, a key role
was played by socio-demographic types. Literature has widely investigated, in particular, the role of
education, age, and marital status on economic outcomes. In this section, we investigate the link between
household education, age, and type (single vs. couple), and the economic impact of the pandemic, to shed
light on their role in mitigating negative economic outcomes.

Fig. 1 shows, for household educational level, the percentage of households reporting no, low, some, and
high financial distress during the first wave of the pandemic. We measure financial distress using a categorical
Financial Distress Indicator (FDI). The Financial Distress Indicator is a comprehensive indicator that reflects
the negative financial effect of the pandemic on households. The indicator is the sum of three dummy

7 We label as ‘employed’ those households with at least one employed household respondent at the time Corona
broke out.
8 We refer the reader to appendix A.1 for more details on employment and income losses.
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variables: income loss (during the pandemic), difficulties in making ends meet (during the pandemic), and
(conditional on experiencing difficulties) postponed payments. The Financial Distress Indicator measures,
using a score between 0 and 3, the severity of the economic difficulties suffered by households during the
pandemic.

From Fig. 1 we learn that households reporting distress are asymmetrically distributed among educational
levels. Households with low education (primary and lower secondary) were more affected by distress
compared to household characterized by medium-high education (secondary and, especially, tertiary). These
results suggest a protective role of education on financial distress (and on the worsening of the ability to
make ends meet, see appendix A.1) during the first wave of the pandemic.

Fig. 1 Household level of financial distress by education, %
EE B O NN
80
60+
40+

20+

Primary Lower Secondary Upper Secondary Post-Secondary Tertiary

No Financial Distress Low Financial Distress

I some Financial Distress I High Financial Distress

Fig. 1 The figure shows the percentage of households that report no, low, some, and high financial distress during the first wave of
the pandemic (SHARE Corona survey) by household level of education (i.e., the level of education of either the respondent -single
household- or the most educated couple respondent), using calibrated cross-sectional household weights. Each level of education is
split according to the level of financial distress. Financial distress is measured using a score between 0 and 3. It reflects the severity of
the economic difficulties suffered by households during the pandemic.

Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data (graphics program: STATA).

Fig. 2 Household financial distress and age, %
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40

20+

single<65 single 65+ couple<65 couple 65+

No Financial Distress Low Financial Distress

_ Some Financial Distress _ High Financial Distress

Fig. 2 The figure shows the percentage of households that report no, low, some, and high financial distress during the first wave of
the pandemic (SHARE Corona survey) by household composition defined according to type and age (i.e., single vs. couple, under 65
vs. 65 or over), using calibrated cross-sectional household weights. Couple<65 consists of couples in which at least one member is
younger than 65, while couple 65+ comprises couples with both members older than 64. Each household type is split according to the
level of financial distress. Financial distress is measured using a score between 0 and 3. It reflects the severity of the economic
difficulties suffered by households during the pandemic.

Source: Authors’ elaboration using SHARE Corona data (graphics program: STATA).
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We now investigate the role of age and household type on economic outcomes. Fig. 2 shows a protective
role of both age and being in a couple on financial distress during the pandemic. Households who are 65
older report less distress compared to their younger counterparts (single and couples under 65). We can
draw similar conclusions for being in a couple. Single households report more financial distress than couples.

Fig. 3, instead, shows the role of “second homes” in reporting a worsening in making ends meet between
wave 7 and the first wave of the pandemic (SHARE Corona survey). Here we consider a subsample of
households who can report a worsening in making ends meet, thus we restrict our attention on households
with no difficulties in wave7. We can see from Fig. 3 that owners of second homes report less often a
worsening in ability to make ends meet. Possible drivers of this result could be a general higher overall wealth
of homeowners, and the additional income flow from second homes. Moreover, results in Fig. 3 confirm
those of Fig. 2, as the percentage of households who report increased difficulties is (slightly) lower among
those who are 65+. Thus, in this respect too, age plays a protective role.

Fig. 3 Percentage of households with a worse economic situation by owning second homes and age
100
80
60
40

20+

Under 65 65+ Under 65 65+

Has Second Home No Second Home

No worse MeM Worse MeM

Fig. 3 The figure shows the percentage of households that worsened the economic condition, measured by a worsening in making
ends meet ability between wave 7 (2017) and the first wave of the pandemic (SHARE Corona survey), by second home ownership and
age, using calibrated cross-sectional household weights. This graph refers to a subsample of households that did not report some or
great difficulties in making ends meet in 2017. Bars are split according to the percentage of households reporting a worsening in
ability to make ends meet.

Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data (graphics program: STATA).

4. Estimation results

In this section, we present our estimation results when the dependent variable is a measure of household
economic conditions during the first wave of the pandemic. Our dependent variables are a binary indicator
for self-reported difficulties to make ends meet and a categorical Financial Distress Indicator (FDI).°

In Tab. 5 we report the ordinary least squares (OLS) estimates of key parameters of the models that
explain the ability to make ends meet during the pandemic (“MeM_Corona”) and the “FDI” as a function of
socio-demographic, economic and employment household characteristics, plus contextual information on
COVID-related policy interventions introduced by governments.

9 See section 3.3 for more details on the Financial Distress Indicator.
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Tab. 5 OLS regressions — Dependent variables: difficulties in making ends meet (SHARE Corona) and FDI

MeM Corona FDI

Female 0.001 -0.015
(0.008) (0.011)
Household size 0.029%** 0.052%**
(0.004) (0.006)
HH composition and age:
single>65 -0.065*** -0.132%**
(0.012) (0.018)
couple<65 0.046%** -0.011
(0.013) (0.020)
couple>65 -0.010 -0.103***
(0.013) (0.020)
Years of education -0.002* -0.002%**
(0.001) (0.001)
Employed 0.000 0.035%*
(0.011) (0.015)
Job interruption -0.060* 0.189%**
(0.032) (0.062)
Home working -0.002 -0.047%*
(0.011) (0.019)
Reduced working hours 0.032** 0.306%**
(0.015) (0.028)
Interrupted weeks 0.018*** 0.042%**
(0.004) (0.007)
Income from others 0.013* 0.026**
(0.007) (0.010)
Second homes -0.015%%* -0.014
(0.006) (0.009)
Investments -0.033#** -0.042%**
(0.007) (0.009)
Own business 0.038%** 0.081%**
(0.013) (0.022)
Tenant 0.050%** 0.080%**
(0.009) (0.012)
Log(Income before Covid) -0.268*** -0.259%**
(0.010) (0.013)
Length of restrictions 0.005%** -0.001
(0.002) (0.002)
Avg. restriction intensity 0.002 0.008
(0.005) (0.007)
Make-ends-meet wave7 0.258%** 0.291%**
(0.008) (0.010)
Observations 19,277 19,277
R? 0.398 0.330

Tab. 5 Dependent variable in columns 1 is a binary indicator for (some or great) difficulties in making ends meet during the pandemic,
while dependent variable in column 2 is the Financial Distress Indicator. The latter variable reflects, using a score between 0 and 3,
the negative financial effect of the pandemic on households. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1
Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data.

We use the following household-level controls: country dummies, age, gender, household size and type (i.e.,
single vs. couple), education, employment related variables (e.g., occurrence of job interruptions, reduction
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of working hours), other sources of income (e.g., income from other household members, and businesses),
being tenant/subtenant, income before Covid-19 crisis, length and intensity of restrictions®°.

Estimation results with different dependent variables (income loss, postponed payments, and dip into
savings) are presented in appendix A.2. Note that results when the dependent variable is the FDI are, in
general, in line with the results we obtain using, in turn, difficulties in making ends meet, income loss, and
postponed payments as dependent variables.

Results in Tab. 5 column 2 show that older age plays a protective role on FDI, as both coefficients for
“single>65” and “couple>65" are negative and significant. Education and the income level before the
outbreak of the pandemic also play a protective role. This suggests that the pension systems successfully
insured the retired against the shock, while specific government policies for younger households did not fully
offset the negative effects of the pandemic. Among working age households, the shock hit harder already
vulnerable households, with low education and economic resources. Estimated coefficients for employment
related variables (“Employed”, “Job interruption”, “Reduced working hours”, “Interruption weeks”) show
greater financial distress for households with employed individuals, and, in particular, for those who
experienced job interruptions or reductions in working hours, and could not work from home. Thus, less
educated and less well-paid workers were not only more exposed to income losses and layoffs (ILO, 2020;
Stiglitz, 2020), but are also more likely to experience financial distress.

It is also worth stressing that the coefficient on “Make-ends-meet wave 7” is positive and significant,
indicating that difficulties show persistency. This suggests that ad-hoc governmental measures were unable
to protect the worse off.

Longitudinal data in our dataset allow us to study how household economic distress changed through time.
Respondents provided information on their ability to make ends meet and on their income both in wave 7
and in the SHARE Corona survey. We can thus investigate which factors affect the probability to report a
worsening (“MeM worsening”) or an improvement (“MeM improvement”) in make ends meet ability.

Tab. 6 shows the estimates of two OLS regressions when the dependent variable is either “MeM worsening”
or “MeM improvement”. For the former, we consider the subsample of households who could report a
worsening in the SHARE Corona survey (thus, households without difficulties in making ends meet in wave
7); for the latter, we focus on the subsample of households who could experience an improvement
(households with difficulties in wave 7).

10 Reference country for country dummies: Germany. “Female” is a dummy variable that equals one if either there is at
least one female between the family respondents, or, in case of a single household, the respondent is a female.
“Household size” takes values from 1 to 11, while for “HH composition and age” the reference category is single under
65. “Years of education” equals 5, 8, 13, 15, and 17 for, respectively, primary, lower secondary, upper secondary, post-
secondary, and tertiary maximum level of education among household respondents. “Employed”, “Job interruption”,
“Home working”, and “Reduced working hours” are dummy variables that take value 1 if at least one household
respondent, respectively, was employed at the time Corona broke out, experienced at least one job interruption,
worked (at least partly) from home, and reduced working hours (but did not have any job interruption) during the
pandemic. “Interrupted weeks” is a continuous variable reflecting the number of weeks of job interruption. “Income
from others”, “Second homes”, “Investments”, “Own business”, and “Tenant” are dummy variables that equal one if
the household receives income from other household members (different from the respondents), owns housing stock
that is not used as main residence, owns financial investments, owns businesses, and occupies the dwelling they live in
as tenant or subtenant. “Log(Income before Covid)” is the inverse hyperbolic sine of the income. “Length of restrictions”
and “Avg. restriction intensity” are the average length and intensity of restrictions derived from the OxCGRT “stringency
index”. “Make-ends-meet wave 7” is a dummy variable that equals 1 if the household reported some or great difficulties
in wave 7, and 0 otherwise.
12



We control for country, age, gender, household size (level and changes) and type, employment related
variables (both in wave 7 and the SHARE Corona survey), education, dummies for income loss/gain between
waves (typical income before pandemic outbreak — typical income in wave 7) and during the pandemic (lowest
income during the pandemic — typical income before pandemic outbreak), income before Covid-19 crisis, other
sources of income (e.g., income from other household members, and businesses), being tenant/subtenant,
length and intensity of restrictions®!.

Results in Tab. 6 column 1 confirm a protective role of older age, and income prior to the pandemic. The
coefficients on income loss variables, both between surveys — “IncLoss_waves” - and during the pandemic —
“IncLoss_Corona” - are positive and significant, implying a higher probability of experiencing worse
difficulties in making ends meet. Income losses during the pandemic were much more important than losses
between waves, with coefficients that equal, respectively, 0.120 and 0.031.

Given the prominent role of income variables, we investigate which other factors affect the variation in ability
to make ends meet for households with and without income losses/gains (see Appendix A.2). We find that,
for households who experienced at least an income loss, “IncLoss_Corona” significantly increases the
probability of a worsening, while the coefficient for “IncLoss_waves” is not significant. These results confirm
that household worsening to make ends meet reacts more to income losses during the pandemic than to
losses between waves. Employment and economic household variations between waves cover a long-time
span but have little or no impact on the probability of a worsening. Covid-related variations, instead, affect
the probability of a worsening despite referring to a more recent but shorter time window.

11 For details on country dummies, “Female”, “Household size”, “HH composition and age”, “Years of education”, “Job
interruption”, “Home working”, “Interrupted weeks”, “Log(Income before Covid)”, “Income from others”, “Second
homes”, “Investments”, “Own business”, “Tenant”, “Length of restrictions”, and “Avg. restriction intensity” see footnote
9 (parameter values at the time of the SHARE Corona survey). “plusDeltaSize” and “minDeltaSize” are dummy indicators
for positive and negative variation in household size between waves. For “Employment variation” the reference
category is always not employed. “IncLoss_Corona” and “IncLoss_waves” are dummy variables that take a value equal
to one if the household experienced an income loss of at least 5%, respectively, during the pandemic, or between wave
7 and the SHARE Corona survey. “IncGain_Corona” and “IncGain_waves” are the correspondent dummy indicators for
income gains. We remind the reader that we record as income losses/gains only income variations of at least 5%.
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Tab. 6 OLS— Dependent variables: worsening and improvement in making ends meet

MeM worsening MeM improvement
Female -0.011 -0.030*
(0.009) (0.016)
Household size 0.024*** -0.032%**
(0.006) (0.006)
plusDeltaSize 0.047 0.047
(0.031) (0.034)
minDeltaSize 0.018 0.017
(0.012) (0.018)
HH composition and age:
single>65 -0.05 %% 0.061%**
(0.015) (0.019)
couple<65 0.025 -0.065%**
(0.017) (0.021)
couple>65 -0.004 0.002
(0.017) (0.021)
Years of education -0.002 0.002
(0.001) (0.001)
Employment variation:
Always employed 0.003 -0.004
(0.013) (0.021)
Employed-Not empl. 0.015 -0.017
(0.012) (0.022)
Not empl - Employed -0.017 -0.024
(0.018) (0.032)
Job interruption -0.046 0.104*
(0.034) (0.062)
Home working -0.004 0.049*
(0.011) (0.029)
Reduced working hours 0.017 -0.005
(0.016) (0.033)
Interrupted weeks 0.010** -0.027%**
(0.004) (0.006)
IncLoss CT 0.120%**
(0.015)
IncLoss waves 0.031***
(0.007)
IncGain CT 0.006
(0.022)
IncGain_waves 0.018
(0.011)
Log(Income before Covid) -0.206%** 0.322%**
(0.014) (0.013)
Income from others -0.002 -0.026**
(0.008) (0.013)
Second homes -0.020%*%** 0.014
(0.007) (0.013)
Investments -0.020%*%** 0.118%**
(0.006) (0.022)
Own business 0.043*** 0.033
(0.013) (0.034)
Tenant 0.028*** -0.079%**
(0.010) (0.015)
Length of restrictions 0.006*** -0.003
(0.002) (0.003)
Avg. restriction intensity 0.002 0.001
(0.006) (0.010)
Observations 11,168 8,109
R? 0.198 0.230

Tab. 6 dependent variable in column 1 is a binary indicator for worsening in making ends meet from wave 7 to SHARE Corona, for the
subsample of households that did not report some or great difficulties in making ends meet in wave?7. Dependent variable in Column
2, instead, is a binary indicator for improvement in making ends meet from wave 7 to SHARE Corona, for the subsample of households
who had some or great difficulties in wave?7. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1

Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data.
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5. Conclusions

In this paper, we have investigated the economic effects of the Covid-19 crisis on households, using several
indicators of financial distress. Our rich dataset on 50+ Europeans, which includes longitudinal data and data
from the first SHARE Corona survey (run in June-July 2020), allows us to identify the groups that have faced
the most severe economic consequences.

We find heterogeneous economic consequences faced by households that depend on demographic
characteristics, age, and household type, as well as on income and employment conditions before and during
the pandemic. Using a new comprehensive Financial Distress Indicator (FDI), we show that 65+ households
were less often in financial distress, indicating an efficient protection of individuals past retirement age by
social security systems.

Lockdown measures negatively affected employment conditions for many working individuals. We find that
those employed at the outbreak of the crisis who faced job interruptions and/or reduction of working hours
during the pandemic increased the risk of financial distress. Interestingly, working from home had, instead,
a protective effect. Education and high levels of income reduced financial distress, and this implies that the
pandemic has worsened economic inequalities, because financial distress hit harder households who
reported difficulties in the past.

We find a similar set of results when we look at the probability of a worsening in the ability to make ends
meet between the wave 7 of SHARE (run in 2017-18) and the SHARE Corona survey (run in June-July 2020).
We observe a prominent protective role played by age, and a detrimental effect of income losses during the
pandemic and between waves. Interestingly, income losses during the pandemic had a larger impact (with a
coefficient that is almost four times that for losses between waves).

This paper provides a new insight on the economic effects of the first wave of the pandemic on 50+
Europeans. It shows that the welfare state effectively protected individuals past retirement age but failed to
do the same to younger 50+ Europeans. Indeed, in this second group the pandemic hit harder already
vulnerable households. Our findings could help governments get prepared for future crises and devise more
effective policy responses. However, to gain a better understanding of the economic consequences of the
pandemic, more data are needed to study not only short-term but also long-term effects.
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Appendix
Al

In this subsection, we present descriptive analyses of economic outcomes (income losses, and variation in
ability to make ends meet) during the first wave of the pandemic for different subsamples of the
population of interest. We first investigate the relation between employment and income losses, then we
move to education and ability to make ends meet.

Employment and economic outcomes

Fig. 4 shows the incidence of job interruptions among employed households with an income loss. We
consider an income loss when the lowest household income during the pandemic is at least 5% lower than
the typical household income before Corona broke out. We choose the 5% threshold to account for possible
errors and/or rounding in reporting the amounts.

As expected, Fig. 4 shows a substantial link between job interruptions and income loss. In the whole sub-
sample of employed households with an income loss, 38.62% also experienced at least one job interruption.
This is true for more than 50% of households in ten countries (Spain, France, Greece, Switzerland, Israel,
Luxembourg, Portugal, Slovenia, Cyprus, and Finland).

Fig. 4 shows that, among employed households, income loss cannot be explained by the occurrence of job
interruptions in 61.38% of the sub-sample. Fig. 5 focuses on employed households who experienced an
income loss but no job interruption.?? It displays how many of these households reduced their working hours
during the first wave of the pandemic, i.e., if at least one household member who was employed when
Corona broke out reduced working hours during the pandemic.

Fig. 4 Percentage of job interruptions for households that experienced an income loss, by country

50+

40

FI SE DK DE LU BE FR CH PT ES IT MT EE LV LT PL CZ SK HU S| HR RO BG GR CY IL

No job interruption At least one job interruption

Fig. 4 The figure shows job interruption occurrence for households that experienced an income loss during the first wave of the
pandemic (SHARE Corona survey), using calibrated cross-sectional household weights. We consider an income loss when the lowest
household income during the pandemic is at least 5% lower than the typical household income before Corona broke out. For each
country, the figure shows the percentage of employed households that reported an income loss (height of the bars). Each country bar
is then split according to job interruption occurrence (i.e., if at least one household respondent who was employed at the outbreak of
the pandemic had one or more job interruptions during the pandemic).

Source: Authors’ elaboration using SHARE Corona data (graphics program: STATA).

12 Fig. 3 excludes all employed households with an income loss and at least one job interruption. Thus, it also does not
include households where one partner experienced a job interruption and the other reduced working hours without
any job interruption.

17



Among employed households with income loss and no job interruption, reduction of working hours explains
an average fraction of 59.03%, but with marked country differences. Alternative possible explanations for
income loss (in case of no job interruption and no reduction of working hours) lie in the reduction of other
sources of income, such as income from household members other than the respondents (such as co-resident
grown children), “second homes” (that is housing stock that is not used as main residence), financial
investments, and businesses.

Fig. 5 Percentage reduction in working hours for households with an income loss, by country
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Fig. 5 The figure shows working hours reduction for employed households that experienced an income loss but did not incur in job
interruptions during the first wave of the pandemic (SHARE Corona survey), using calibrated cross-sectional household weights. We
consider an income loss when the lowest household income during the pandemic is at least 5% lower than the typical household
income before Corona broke out. Each country bar is split according to working hours reduction occurrence (i.e., if at least one
household respondent who was employed at the outbreak of the pandemic reduced working hours during the pandemic).

Source: Authors’ elaboration using SHARE Corona data (graphics program: STATA).

Tab. 7 shows the distribution of these other sources of income in our sample. More than half of the sample
(50.21% of households) has at least another source of income in addition to employment and/or pension
incomes of members included in the interview. More in detail, 18.98% of households can count on income
flows from other household members, 20.20% own “second homes”, 21.48% hold financial assets, and 6.70%
are business owners (either entirely or partially). We can also see from Tab. 7 that 16.78% of respondents
are tenants or subtenants of the dwelling they live in, while the remaining 83.22% are homeowners, rent-
free, or members of a cooperative.

Tab. 7 Summary statistics (wave 1-wave 8) — other sources of income and home-ownership

Outcomes (Household level) Mean St. dev. Obs.

Other sources of income (at least one) 50.21% 50.00% 19,277
Income from other household members 18.98% 39.21% 19,277
Second homeowners 20.20% 40.15% 19,277
Financial assets (stocks, bonds, mutual funds) 21.48% 41.07% 19,277
Business owners 6.70% 24.99% 19,277

Tenant/Subtenant 16.78% 37.37% 19,277

Tab. 7 The table shows descriptive statistics, weighted using calibrated cross-sectional household weights, of other sources of income
and home ownership (most recent information collected in waves 1, 2, 4, 5, 6, 7, and 8). Other sources of income is a dummy indicator
that takes value 1 if the household reports having at least one of the following income sources: Income from other household members
not included in the interview, second homes, investments in financial assets, and businesses. Tenant is a dummy variable that equals
1 if the household occupies the dwelling they live as tenant or subtenant.

Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data.
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Information in Tab. 7 can help explain the drivers of income losses households experienced during the
pandemic. Thus, we move here our focus from employed households, as in Fig. 1 and Fig.2, to all households.
We can see from Fig. 6 how these additional sources of income could explain a large fraction of income loss
in households without both hour reduction and job interruption. Note that households without hour
reduction and job interruption represent the great majority of the sample (18,065 households —93.7%), and,
among them, only 6% reported an income loss (965 households). Pooling all countries together, we observe
that most households have other sources of income (average percentage: 49.97%). At the country level,
instead, we observe large percentages for Nordic countries and low percentages for Eastern countries.

Fig. 6 Other income sources for households with an income loss but no job interruption/hour reduction,
percentage by country

FI SE DK DE LU BE FR CH PT ES IT MT EE LV LT PL CZ SK HU S| HR RO BG GR CY IL
No other sources of income Has other sources of income

Tot. obs: 965

Fig. 6 The figure shows the percentage of households that experienced an income loss but neither job interruption nor hour reduction
with respect to other sources of income, during the first wave of the pandemic (SHARE Corona survey), using calibrated cross-sectional
household weights. We consider an income loss when the lowest household income during the pandemic is at least 5% lower than the
typical household income before Corona broke out. For each country, the figure shows the percentage of households who reported an
income loss (height of the bars). Each country bar is then split according to receiving other sources of income.

Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data (graphics program: STATA).

The role of education and age

Fig. 7 suggests a protective role of education on the variation in ability to make ends meet between SHARE
w7 and the SHARE Corona survey. Fig. 7 shows that the fraction of households who reported any variation in
ability to make ends meet decreases as education increases. Similarly, the percentage of households who
worsened their economic condition, moving from no difficulties to some or great difficulties, decreases (from
around 20% to 10%) with education.

Fig. 8 is like Fig. 2 but households are split according to type and age groups. The youngest group (u60)
includes households who have at least one respondent below age 60. The oldest group (65+) includes
households where all respondents are 65 or more years of age. The middle group includes households where
at least one respondent is between 60 and 64. Fig. 8 shows that households past pension eligibility age are
much less often in financial distress than households where at least one member is potentially in the labor
market. Given the similarity between the u60 and the 60-64 groups, in our econometric analysis we aggregate
them.
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Fig. 7 Percentage change in ability to make ends meet between wave 7 and SHARE Corona by education
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Fig. 7 The figure shows household variation in ability to make ends meet between wave 7 (2017) and the SHARE Corona survey (first
wave of the pandemic - 2020) by household level of education (i.e., the level of education of either the respondent -single household-
or the most educated couple respondent), using calibrated cross-sectional household weights. For each level of education, the figure
shows the percentage of households that had some or great difficulties in making ends meet in wave 7 but that did not have those
difficulties during the first wave of the pandemic (Improvement, red bar), the percentage of households that have experienced a
worsening of their ability to make ends meet (from no difficulties to some or great difficulties — Worsening, orange bar), and the
percentage of households that did not experience any variation between the two surveys (either they did not have or they had
difficulties in making ends meet in both surveys — No variation, grey bar).

Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data (graphics program: STATA).

Fig. 8 Household financial distress and age group, %

1004 . - . - - E—

80

60

404
204
0
ub0 60-64 65+ u6o 60-64 65+
singles couples
No Financial Distress Low Financial Distress

I some Financial Distress [l Hioh Financial Distress

Fig. 8 The figure shows the percentage of households that report no, low, some, and high financial distress during the first wave of
the pandemic (SHARE-CT survey) by household composition defined according to type (singles vs couples) and age group, using
calibrated cross-sectional household weights. The youngest group (u60) includes households who have at least one respondent below
age 60. The oldest group (65+) includes households where all respondents are 65 or more years of age. The middle group includes
households where at least one respondent is between 60 and 64. Each household type is split according to the level of financial distress.
Financial distress is measured using a score between 0 and 3. It reflects the severity of the economic difficulties suffered by households
during the pandemic.

Source: Authors’ elaboration using SHARE-CT data (graphics program: STATA).
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A.2

In this subsection, we present our estimation results when the dependent variable is a measure of COVID-19
impact on household economic conditions. Tab. 8 reports the OLS estimates for the models that explain
difficulty in making ends meet, postponed payments, dip into savings, and income loss.

Columns 1, and 4 present estimates over the full sample, while columns 2 and 3 show results for the
subsample of households who reported difficulties in making ends meet. In all specifications, we use the
following controls at the household level: country dummies, gender, household size, household type (i.e.
single vs. couple) by age (young olds vs. old olds), years of education, employment status, occurrence of job
interruptions, working from home, reduction of working hours, number of weeks of job interruption, other
sources of income (i.e. income from other household member, second homes, investments, and businesses),
being tenant/subtenant, income before Covid-19 crisis, length and intensity of restrictions, ability to make
ends meet reported in wave 7. See footnote 9 for more details.

Results in columns 1 shows only few differences with respect to column 2 of Tab. 5 that are worth
underlying. First, age plays a protective role only for singles (negative and significant coefficient for “single
>65"), while being in a couple under 65 increases the probability to report difficulties in making ends meet
(positive and significant coefficient for “couple<65”). Second, among employment variables, only “Reduced
working hours” and “Interrupted weeks” are relevant, with positive and significant coefficients. Third, owning
“Second homes” reduces the probability of reporting make ends meet difficulties. Lastly, “Length of
restrictions” shows a positive (although small) and significant coefficient.

Columns 2 and 3 show the OLS estimates using as dependent variable a dummy for either postponed
payments or dip into savings. In both regressions, age plays a protective role for couples with a negative and
significant coefficient for “couple>65". Coefficients for “single>65" are also negative, but significant only in
column 2. “Reduced working hours” increases the probability to postpone payments and dip into savings,
while “Job interruption” shows a positive and significant coefficient only in column 3. Owning “Second
homes” and “Own businesses” has a significant and negative effect (positive coefficients) only for the
probability to dip into savings, while being “Tenant” increases the probability to postpone payments.
“Log(Income before Covid)” is negative but significant only in the postpone payment regression (column 2).
As regard government policies, results confirm that only the “Length of restrictions” is relevant, with a
negative sign, but statistically significant only in column 2. While “Years of education” are not relevant for
postpone payments, its coefficient is significant and positive for dip into savings, indicating that education
increases the probability to resort to accumulated savings in case of need. Note, however, that results in
column 3 may be misleading as the non-use of savings includes two different kinds of reasons: no need to
use savings (and, consequently, no severe difficulties), and absence of savings (and, thus, great economic
difficulties). Consequently, results for education may reflect more the availability than the need to use
savings. “Make-ends-meet wave 7” is positive and significant only for postpone payments, confirming how
the pandemic has exacerbated economic inequalities.

We can see in column 4 how our regressors affect the probability to suffer from an income loss during the
first wave of the pandemic. Income loss is defined as a dummy variable that equals one when the lowest
household income during the pandemic is at least 5% lower than the typical household income before the
outbreak. “Household composition and age” plays an important role, with all coefficients that are negative
and significant. Thus, being 65 or more and/or being in a couple reduces the probability to suffer from an
income loss. All employment variables (“Employed”, “Job interruption”, “Home working”, “Reduced working
hours”, and “Interruption weeks”), but “Home working”, have a negative and significant effect (positive
coefficients). Coefficient for “Home working”, instead, is negative and significant. “Log(Income before Covid)”
increases the probability of an income loss (positive and significant coefficient). Among the other possible
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sources of income, “Income from others” and “Own business” coefficients, coherently with the effects of
income deciles, are positive and significant, while “Investments” shows a significant but negative coefficient.
“Tenant” and “Make-ends-meet wave 7” negatively affect the probability with coefficients that are positive
and significant. Lastly the “Length of restrictions” reduces the probability of an income loss.

Tab. 8 OLS regressions — dependent variables: difficulties in make ends meet, postpone payments, dip into
savings, and income loss

MeM_ Corona Postpay DipSav IncLoss Corona
Female 0.001 -0.014 -0.012 -0.012**
(0.008) (0.010) (0.015) (0.0006)
Household size 0.029*** 0.019%** 0.007 0.012%**
(0.004) (0.004) (0.005) (0.003)
HH composition and age:
single>65 -0.065*** -0.062%%** -0.028 -0.035%**
(0.012) (0.014) (0.018) (0.009)
couple<65 0.046%** -0.020 -0.011 -0.048***
(0.013) (0.016) (0.021) (0.011)
couple>65 -0.010 -0.051*** -0.060*** -0.069***
(0.013) (0.016) (0.020) (0.010)
Years of education -0.002* -0.000 0.006%** -0.001
(0.001) (0.001) (0.001) (0.001)
Employed 0.000 -0.005 -0.017 0.037%**
(0.011) (0.014) (0.018) (0.008)
Job interruption -0.060* 0.046 0.187%* 0.255%**
(0.032) (0.056) (0.074) (0.039)
Home working -0.002 0.022 -0.001 -0.046***
(0.011) (0.024) (0.032) (0.012)
Reduced working hours 0.032%* 0.074%** 0.107%** 0.252%**
(0.015) (0.028) (0.037) (0.019)
Interrupted weeks 0.018%** 0.008 0.008 0.018***
(0.004) (0.006) (0.008) (0.004)
Income from others 0.013* -0.002 0.008 0.013**
(0.007) (0.009) (0.011) (0.005)
Second homes -0.015%* 0.003 0.023* -0.000
(0.006) (0.009) (0.012) (0.005)
Investments -0.033*** 0.005 0.030 -0.010*
(0.007) (0.014) (0.025) (0.005)
Own business 0.038%** 0.034 0.098*** 0.032%*
(0.013) (0.024) (0.035) (0.013)
Tenant 0.050%** 0.039%** -0.018 0.013%%*
(0.009) (0.012) (0.016) (0.006)
Log(Income before -0.268*** -0.058*** -0.012 0.046%**
Covid)
(0.010) (0.010) (0.013) (0.0006)
Length of restrictions 0.005%** -0.005%* -0.001 -0.004***
(0.002) (0.002) (0.003) (0.001)
Avg. restriction intensity 0.002 0.005 0.009 0.003
(0.005) (0.006) (0.010) (0.003)
Make-ends-meet wave7 0.258*** 0.023%** 0.014 0.013%**
(0.008) (0.006) (0.011) (0.004)
Observations 19,277 6,628 6,628 19,277
R? 0.398 0.062 0.090 0.150

Tab. 8 Dependent variables are binary indicators for: (some or great) difficulties in making ends meet during the pandemic (column
1), postpone payment (column 2), dip into savings (column 3), and income losses during the pandemic (column 4). Robust standard
errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1

Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data.
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Tab. 9 OLS regressions — Dependent variables: income loss during the pandemic, percentage income
variation during the pandemic

Income loss (Corona) Percentage income loss (Corona)
(full sample) JlorRWH  NoJIand No RWH JI or RWH No JI and No RWH
Female -0.012%%* -0.024 -0.011** 0.347 0.300
(0.006) (0.050) (0.005) (2.536) (0.313)
Household size 0.012%** 0.015 0.013%** -0.479 -0.183
(0.003) (0.019) (0.003) (0.837) (0.183)
HH composition and age:
single>65 -0.035%** -0.024 -0.032%** 4.315%* 1.225%**
(0.009) (0.060) (0.009) (2.453) (0.458)
couple<65 -0.048***  _(.128*** -0.038*** 6.146%** 3.086%**
(0.011) (0.049) (0.010) (2.304) (0.586)
couple>65 -0.069*** -0.127** -0.064*** 6.927** 3.653%%*
(0.010) (0.062) (0.010) (2.929) (0.537)
Years of education -0.001 -0.011%** -0.000 0.443* 0.017
(0.001) (0.005) (0.000) (0.254) (0.032)
Employed 0.037%** 0.024%** 0.354
(0.008) (0.008) (0.407)
Job interruption 0.255%**
(0.039)
Home working -0.046%** -0.072%%* -0.015 2.210 1.317%**
(0.012) (0.031) (0.012) (1.381) (0.504)
Reduced working hours 0.252%**
(0.019)
Interrupted weeks 0.018%** 0.020%** -0.952%**
(0.004) (0.003) (0.126)
Income from others 0.013** 0.002 0.014%** -0.886 -0.065
(0.005) (0.037) (0.005) (1.712) (0.337)
Second homes -0.000 0.025 -0.002 -0.302 0.010
(0.005) (0.032) (0.004) (1.347) (0.246)
Investments -0.010* -0.049 -0.006 -1.061 -0.108
(0.005) (0.037) (0.005) (1.673) (0.256)
Own business 0.032%* 0.060 0.031%** -3.432% -1.147%*
(0.013) (0.040) (0.012) (1.877) (0.601)
Tenant 0.013** 0.125%** 0.005 -5.023** 0.163
(0.006) (0.046) (0.005) (2.076) (0.316)
Log(Income before Covid) 0.046*** 0.120%** 0.039%** -3.776* -4.439%**
(0.006) (0.040) (0.006) (2.004) (0.464)
Length of restrictions -0.004*** -0.008 -0.004*** 0.292 0.045
(0.001) (0.009) (0.001) (0.333) (0.066)
Avg. restriction intensity 0.003 -0.006 0.004 0.803 -0.009
(0.003) (0.027) (0.003) (1.060) (0.163)
Make-ends-meet wave7 0.013%** 0.054 0.010** -1.871 -0.354
(0.004) (0.034) (0.004) (1.372) (0.274)
Observations 19,277 1,212 18,065 1,212 18,065
R? 0.150 0.121 0.034 0.137 0.060

Tab. 9 Dependent variables in columns 1-3 are binary indicators for income losses during the pandemic. Column 1 refers to the entire
sample. Column 2 focuses on the subsample of households that reported either a “Job interruption” (JI) or “Reduced Working Hours”
(RWH). Column 3 refers to the subsample of households that did not have “Job interruption” (JI) or “Reduced Working Hours” (RWH).
Columns 4 and 5 focus on the same subsamples of columns 2 and 3 but use as dependent variables income variations, in percentage
terms, during the pandemic (they span from negative to positive values). Robust standard errors in parentheses. *** p<0.01, **
p<0.05, * p<0.1

Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data.

Tab. 9 investigates which factors affect the probability to experience an income loss during the pandemic,
distinguishing between all households (column 1), households with a job interruption or a reduction of
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working hours (column 2), and households without interruptions and reductions (column 3). Note that
column (1) is the same regression as in column 4 of Tab. 8. The two subsamples on which we focus in columns
2 and 3 are justified by the prominent role that job interruption and hour reduction show in column 1. Results
in column 3 are in line with column 1 and suggest that these households (that represent 93.7% of the sample)
drive the results for the full sample. Columns 4 and 5 focus on the same subsamples of columns 2 and 3 but
use as dependent variables income variations, in percentage terms, during the pandemic (they span from
negative to positive values).

Finally, Tab. 10 reports the OLS estimates for the models that explain make ends meet worsening (columns
1-3) and improvement (columns 4-6). See footnote 10 for details on regression variables. Results in columns
1 and 4 were presented also in Tab. 6. As previously discussed, column 1 shows a protective role of age and
income, and a detrimental role of income losses. Among employment variables, instead, only “Reduced
working hours” significantly increases the probability of a worsening. Moving to other sources of income,
“Second homes” and “Investments” reduce the probability of a deterioration in ability to make ends meet,
while the coefficient for “Own business” is positive and significant. Lastly, being “Tenant” and the “Length of
restrictions” negatively affect make ends meet variation. Estimation results for “make ends meet”
improvements, column 4, mirror, in general, the results in column 1.

We add here four additional regressions that make use of specific subsamples. Columns 2 and 3 show results
for a worsening in ability to make ends meet between wave 7 and the SHARE Corona, for the subsample of
households that did not report some or great difficulties in making ends meet in wave7. Columns 5 and 6,
instead, present specular information: improvements in making ends meet for households who had some or
great difficulties in wave7. Columns 2 and 5 focus, respectively, on the subsample of households with an
income loss or an income gain (either between waves or during the pandemic), while columns 3 and 6
concentrates, respectively, on the subsamples of households without any income loss or income gain.
Results in columns 2 and 3 are like those in column 1 but with some relevant differences. For households
who experienced at least an income loss (column 2), education plays a protective role (negative and
significant coefficient), while the greater the number of “Interrupted weeks” the greater the probability of a
make ends meet worsening. Coefficients for income losses are positive but significant only for pandemic
variations (“IncLoss_Corona”).

On the other hand, from column 3 we learn that for households who do not experience any large income loss
(of at least 5%), the coefficient for “Reduced working hours” is positive and significant.

Moving to ability improvements in columns 4-6, we can see that many of the results are in line with columns
1-3, although specular. We can however underline two notable differences. First, not only the coefficient for
“single=65" is positive and significant (in columns 4-6) but also the coefficient for “couple<65” is negative
and significant in columns 4 and 5, meaning that being in a couple reduces the probability of an improvement.
Second, “Income from others” reduces the probability of an ability improvement (negative and significant
coefficient in columns 4 and 5). Finally, coefficients for income gains are not significant.

Tab. 10 OLS—- Dependent variables: worsening and improvement in making ends meet

MeM worsening MeM improvement
(Income Loss)  (No Income Loss) (Income Gain)  (No Income gain)
Female -0.011 -0.015 -0.007 -0.030%* -0.032 -0.031
(0.009) (0.015) (0.010) (0.016) (0.023) (0.023)
Household size 0.024#** 0.010 0.032%** -0.032%** -0.046%** -0.025%**
(0.006) (0.009) (0.008) (0.006) (0.009) (0.008)
plusDeltaSize 0.047 0.084 0.014 0.047 0.062 0.036
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(0.031) (0.051) (0.036) (0.034) (0.046) (0.053)

minDeltaSize 0.018 0.007 0.013 0.017 0.017 0.014
(0.012) (0.017) (0.016) (0.018) (0.031) (0.023)
HH composition and age:
single>65 -0.051%**  -0.063*** -0.033* 0.061%*** 0.049%* 0.082%**
(0.015) (0.024) (0.019) (0.019) (0.025) (0.027)
couple<65 0.025 0.023 0.026 -0.065***  -0.100*** -0.006
(0.017) (0.026) (0.020) (0.021) (0.029) (0.031)
couple>65 -0.004 -0.013 0.008 0.002 -0.026 0.042
(0.017) (0.026) (0.021) (0.021) (0.029) (0.031)
Years of education -0.002 -0.004** -0.000 0.002 0.003 -0.001
(0.001) (0.002) (0.001) (0.001) (0.002) (0.002)
Employment variation:
Always employed 0.003 -0.015 0.020 -0.004 -0.004 -0.022
(0.013) (0.022) (0.016) (0.021) (0.027) (0.033)
Employed-Not empl. 0.015 0.012 0.013 -0.017 -0.023 -0.026
(0.012) (0.016) (0.017) (0.022) (0.035) (0.028)
Not empl - Employed -0.017 -0.019 -0.015 -0.024 -0.007 -0.060
(0.018) (0.031) (0.020) (0.032) (0.037) (0.061)
Job interruption -0.046 -0.036 -0.044 0.104* 0.053 0.192%*
(0.034) (0.051) (0.037) (0.062) (0.089) (0.088)
Home working -0.004 -0.003 -0.009 0.049* 0.034 0.067
(0.011) (0.019) (0.013) (0.029) (0.037) (0.045)
Reduced working hours 0.017 0.004 0.045** -0.005 0.032 -0.030
(0.016) (0.023) (0.021) (0.033) (0.044) (0.049)
Interrupted weeks 0.010%** 0.012** 0.006 -0.027***  -0.027*** -0.024***
(0.004) (0.006) (0.005) (0.006) (0.010) (0.008)
IncLoss_Corona 0.120%** 0.130%** -0.024
(0.015) (0.026) (0.031)
IncLoss_waves 0.03 1*** 0.038 0.024
(0.007) (0.031) (0.015)
IncGain_Corona 0.044 0.006 0.032
(0.033) (0.022) (0.032)
IncGain_waves -0.004 0.018 0.025
(0.008) (0.011) (0.038)
Log(Income before Covid)  -0.206%**  -0.221*** -0.190*** 0.322%** 0.357%** 0.297%**
(0.014) (0.026) (0.013) (0.013) (0.018) (0.020)
Income from others -0.002 -0.010 0.004 -0.026** -0.031* -0.022
(0.008) (0.014) (0.009) (0.013) (0.017) (0.019)
Second homes -0.020*** -0.021* -0.015* 0.014 0.010 0.016
(0.007) (0.012) (0.008) (0.013) (0.018) (0.019)
Investments -0.020%**  -0.036*** -0.010 0.118*** 0.099%** 0.137%**
(0.006) (0.011) (0.007) (0.022) (0.030) (0.034)
Own business 0.043%** 0.072%** 0.016 0.033 0.052 0.015
(0.013) (0.020) (0.014) (0.034) (0.051) (0.046)
Tenant 0.028%** 0.045%** 0.015 -0.079%**  -0.107*** -0.039*
(0.010) (0.017) (0.011) (0.015) (0.021) (0.023)
Length of restrictions 0.006*** 0.008** 0.004* -0.003 0.001 -0.008*
(0.002) (0.003) (0.002) (0.003) (0.005) (0.004)
Avg. restriction intensity 0.002 0.007 -0.004 0.001 0.008 -0.007
(0.006) (0.009) (0.007) (0.010) (0.014) (0.015)
Observations 11,168 4,716 6,452 8,109 4,735 3,374
R? 0.198 0.217 0.161 0.230 0.216 0.232

Tab. 10 Dependent variables in columns 1, 2 and 3 are binary indicators for worsening in making ends meet from wave 7 to SHARE
Corona, for the subsample of households that did not report some or great difficulties in making ends meet in wave7. Dependent
variables in Columns 4, 5 and 6, instead, are binary indicators for improvement in making ends meet from wave 7 to SHARE Corona,
for the subsample of households who had some or great difficulties in wave7. Columns 1 and 4 refer to the full (respective) subsamples.
Columns 2 and 5 focus, respectively, on the subsample of households with an income loss or an income gain (either between waves
or during the pandemic), while columns 3 and 6 focuses, respectively, on the subsample of households without any income loss or
income gain. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1

Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data.
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From Tab. 10 we learn that income losses are important drivers of make ends meet variations, at least in case
of a worsening. We cannot state the same for the effect of income gains on ability improvement. Tab. 11 and
12 report summary statistics for income losses and gains. The tables differ for the sample in use. While Tab.
11 reports statistics over the full sample, Tab. 12 restricts to the subsample of households in which the same
respondent provided income information both in wave 7 and in the SHARE Corona. Results in the tables show
that income variations (losses and gains) are more frequent between waves that during the pandemic.
Income gains are more common than income losses between waves, but that the opposite holds for
pandemic variations. Differently from income gains (between waves and during the pandemic) and income
losses between waves, income losses during the pandemic affected households differently according to their
age profile. We can see in Tab. 11 that 18% of households with at least one respondent younger than 65
reported an income loss, compared to 5% for households with all 65+ respondents. We learn from Tab. 11
and Tab. 12 that the significant role played by income losses compared to the non-significance of income
gains, on the probability of making ends meet improvement/worsening (see Tab. 10), is not explained by the
number of households who reported income variations. It results, instead, (at least for the variations during
the pandemic) from the age characteristics of the households who experienced the variations.

Tab. 11 Summary statistics (wave 7 and SHARE Corona) — income losses/gains

Outcomes Mean St. dev. Obs.
Income loss Corona 10.97 31.26 19,277
At least one under 65 17.91 38.35 5,504
All 65+ 4.82 21.41 13,773
Income loss between waves 36.95 48.27 19,277
At least one under 65 37.23 48.27 5,504
All 65+ 36.70 48.35 13,773
Income gain Corona 1.84 13.45 19,277
At least one under 65 2.28 14.94 5,504
All 65+ 1.45 11.96 13,773
Income gain between waves 44.32 49.68 19,277
At least one under 65 45.81 49.83 5,504
All 65+ 43.00 49.51 13,773

Tab. 11 The table shows household descriptive statistics (mean, standard deviation, and number of observations), weighted using
calibrated cross-sectional household weights, of income losses and gains between wave 7 and the SHARE Corona survey, and during
the first wave of the pandemic. We consider an income loss/gain when the income variation is 5% or greater. Income loss Corona and
Income gain Corona result from the difference between the lowest household income during the pandemic and the typical household
income before Corona broke out. Income loss waves and Income gain waves, instead, are the indicators for losses and gains resulting
from the comparison of the typical household income before Corona broke out and the typical household income in wave 7.

Source: Authors’ elaboration using SHARE Corona and SHARE waves 7 data.
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Tab. 12 Summary statistics (wave 7 and SHARE Corona) — income losses/gains, same respondent

Outcomes Mean St. dev. Obs.
Income loss Corona 9.62 29.49 12,166
At least one under 65 16.70 37.30 3,156
All 65+ 4.30 20.28 9,010
Income loss between waves 36.61 48.17 12,166
At least one under 65 36.97 48.28 3,156
All 65+ 36.33 48.10 9,010
Income gain Corona 1.80 13.30 12,166
At least one under 65 2.24 14.80 3,156
All 65+ 1.47 12.05 9,010
Income gain between waves 44.68 49.72 12,166
At least one under 65 45.60 49.72 3,156
All 65+ 43.99 49.64 9,010

Tab. 12 The table shows household descriptive statistics (mean, standard deviation, and number of observations), weighted using
calibrated cross-sectional household weights, of income losses and gains between wave 7 and the SHARE Corona survey, and during
the first wave of the pandemic. The table reports summary statistics of income losses and gains, for households in which the same
respondent provided income information both in wave 7 and in the SHARE Corona. We consider an income loss/gain when the income
variation is 5% or greater. Income loss Corona and Income gain Corona result from the difference between the lowest household
income during the pandemic and the typical household income before Corona broke out. Income loss waves and Income gain waves,
instead, are the indicators for losses and gains resulting from the comparison of the typical household income before Corona broke
out and the typical household income in wave 7.

Source: Authors’ elaboration using SHARE Corona and SHARE waves 7 data.

A3

In this section we extend our investigation on the determinants of different measures of financial distress
that we discussed in section 4 and Appendix A.2. In Tab. 13, Tab. 14, and Tab. 15 we present OLS estimation
results when including additional employment characteristics: last job industry (the kind of business,
industry, or services of the last job) and last job type (private-sector employee, public sector employee, or
self-employed)®®. We refer the reader to footnotes 9 and 10 for more details about the controls.

Results in all three tables show that our previous findings are robust to the inclusion of information on last
job industry and type. The only relevant variations, with respect to previous results, pertain “Years of
education”, “Employed”, and “Own business” in Tab. 13 (correspondent regressions in Tab. 5 and Tab. 8).
“Employed” and “Own business” slightly lose significance (respectively in columns 4, and 5 - and in columns
1, 3,4 and5), but this is a result we can expect given the inclusion of the variables “Private employee”, “Public
employee”, and “Self-employed”. This last variable shows positive and significant coefficients in columns 4
and 5.

Moving our attention to the last job type we can see in Tab. 13 that the coefficient for “Private employee” is
positive and significant for Dip into savings, while being “Self-employed” significantly increases financial
distress and the probability to suffer from income losses during the pandemic.

13 Household last job industry and type correspond to the (SHARE Corona) first respondent last job industry and type.
“Private employee”, “Public employee”, and “Self-employed” are dummy variables that take value 1 if the household
respondent’s last job was, respectively, in the private sector, in the public sector, or if he was self-employed. “Industries”
is a set of thirteen dummy variables that equal 1 if the household respondent’s last job was in “Mining and quarrying”,

»n o ” ” o«

“Manufacturing, “Electricity, gas and water”, “Construction”, “Wholesale and retail trade”, “Hotels and restaurants”,
“Transport, storage, communic.”,“Financial intermediation”, “Real estate, renting, businesses”, “Public admin. and
defence”, “Education”, “Health and social work”, or “Other community” industry. The reference industry category is
"Agriculture, hunting, forestry, fishing".
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From Tab. 15, instead, we learn that working in “Manufacturing” and “Other community” decrease the
probability of a make ends meet improvement, while working in “Hotels and restaurants” increases the
probability of a make ends meet ability deterioration.

Tab. 13 OLS regressions — dependent variables: difficulties in make ends meet, postpone payments, dip
into savings, income loss, and financial distress indicator

MeM_Corona Postpay DipSav ~ IncLoss_Corona FDI
Female -0.000 -0.011 -0.015 -0.011* -0.015
(0.008) (0.011) (0.015) (0.006) (0.012)
Household size 0.028*** 0.020%** 0.007 0.01 1%** 0.0571***
(0.004) (0.005) (0.006) (0.003) (0.006)
HH composition and age:
single>65 -0.067*** -0.051***  -0.037** -0.036%*** -0.130%*%**
(0.012) (0.014) (0.019) (0.009) (0.018)
couple<65 0.050%** -0.022 -0.017 -0.050%*** -0.009
(0.014) (0.017) (0.022) (0.011) (0.021)
couple>65 -0.008 -0.054%*%*  _0.068*** -0.071%*** -0.103%***
(0.014) (0.016) (0.022) (0.010) (0.021)
Years of education -0.001 0.000 0.005%** -0.001 -0.001
(0.001) (0.001) (0.001) (0.001) (0.001)
Employed 0.007 -0.007 -0.086** 0.026 0.035
(0.019) (0.030) (0.038) (0.018) (0.029)
Private employee -0.009 0.016 0.067** 0.020 0.011
(0.015) (0.026) (0.032) (0.015) (0.024)
Public employee -0.012 -0.018 0.026 -0.020 -0.039
(0.014) (0.025) (0.032) (0.015) (0.024)
Self employed 0.027 0.036 0.070 0.059%** 0.097%**
(0.019) (0.036) (0.045) (0.021) (0.034)
Industries:
Mining and quarrying 0.013 0.020 -0.046 0.011 0.031
(0.024) (0.027) (0.030) (0.015) (0.033)
Manufacturing 0.027%* 0.001 -0.004 0.008 0.035%*
(0.012) (0.011) (0.015) (0.007) (0.015)
Electricity, gas and water 0.028 0.009 0.011 0.019 0.052**
(0.020) (0.023) (0.031) (0.014) (0.026)
Construction 0.036** 0.015 0.013 0.004 0.048%**
(0.014) (0.015) (0.020) (0.009) (0.019)
Wholesale and retail trade 0.026* 0.004 0.037* 0.014 0.041**
(0.014) (0.015) (0.021) (0.009) (0.018)
Hotels and restaurants 0.053** -0.014 -0.015 0.038*** 0.087***
(0.022) (0.018) (0.026) (0.014) (0.030)
Transport, storage, communic. 0.016 0.006 0.011 -0.004 0.014
(0.015) (0.016) (0.022) (0.009) (0.019)
Financial intermediation 0.043** 0.040 0.044 -0.005 0.047*
(0.019) (0.034) (0.049) (0.013) (0.026)
Real estate, renting, businesses 0.045* 0.067 0.034 0.004 0.065*
(0.025) (0.047) (0.056) (0.020) (0.036)
Public admin. and defence 0.002 -0.005 -0.030 -0.007 -0.004
(0.013) (0.016) (0.022) (0.008) (0.017)
Education 0.011 -0.030** 0.008 -0.008 -0.000
(0.014) (0.014) (0.023) (0.009) (0.018)
Health and social work 0.024* -0.000 0.024 0.013 0.039**
(0.014) (0.016) (0.025) (0.009) (0.019)
Other community 0.031%* 0.013 0.029 0.018%** 0.058***
(0.013) (0.014) (0.018) (0.008) (0.017)
Job interruption -0.060* 0.040 0.186%** 0.243%** 0.175%**
(0.032) (0.056) (0.074) (0.039) (0.061)
Home working -0.003 0.025 -0.001 -0.044*%** -0.046**
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Reduced working hours

Interrupted weeks

Income from others

Second homes

Investments

Own business

Tenant

Log(Income before Covid)
Length of restrictions
Avg. restriction intensity

Make-ends-meet wave7

Observations
RZ

(0.011) 0.024)  (0.033)
0.032%* 0.068%*  0.108***
(0.015) 0.028)  (0.036)

0.017%** 0.009 0.008
(0.004) (0.006)  (0.008)

0.012 -0.001 0.005
(0.007) (0.009)  (0.012)

-0.013%* -0.001 0.020
(0.006) 0.009)  (0.013)

L0.033%** 0.004 0.022
(0.007) 0.014)  (0.025)
0.025% 0.018 0.083%*
(0.014) 0.025)  (0.037)

0.049%* 0.036***  -0.025
(0.009) (0.013)  (0.017)

20.269%%%  _0.056***  -0.006
(0.010) (0.011)  (0.013)

0.005%** -0.005%*  -0.000
(0.002) (0.002)  (0.003)

0.003 0.003 0.008
(0.005) 0.006)  (0.011)

0.256%** 0.024%** 0,012
(0.008) (0.006)  (0.011)
18,533 6,159 6,159

0.387 0.065 0.097

(0.012)
0.249%%*
(0.019)
0.018%**
(0.004)
0.011%*
(0.005)
-0.001
(0.005)
-0.009*
(0.005)
0.015
(0.013)
0.013%*
(0.006)
0.050%%*
(0.006)
-0.003%%*
(0.001)
0.004
(0.003)
0.013%%*
(0.004)
18,533
0.155

(0.019)
0.302%%*
(0.028)
0.041%++
(0.008)
0.024%*
(0.010)
-0.014
(0.009)
20,041 %%*
(0.009)
0.046%*
(0.023)
0.077%**
(0.012)
~0.254%%x
(0.013)
0.000
(0.002)
0.009
(0.007)
0.289%**
(0.010)
18,533
0.323

Tab. 13 Dependent variables are binary indicators for: (some or great) difficulties in making ends meet during the pandemic (column
1), postpone payment (column 2), dip into savings (column 3), income losses during the pandemic (column 4), and Financial Distress
Indicator. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1

Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data.

Tab. 14 OLS regressions — Dependent variables: Income loss during the pandemic, percentage income
variation during the pandemic

Income loss (Corona)

Percentage income loss (Corona)

(full sample) JI or RWH No JI and No RWH JI or RWH No JI and No RWH
Female -0.011* -0.018 -0.011** 0.526 0.329
(0.006) (0.051) (0.006) (2.547) (0.325)
Household size 0.011%** 0.019 0.012%** -0.536 -0.178
(0.003) (0.019) (0.003) (0.834) (0.181)
HH composition and age:
single>65 -0.036*** -0.036 -0.033*** 5.539** 1.146**
(0.009) (0.060) (0.009) (2.476) (0.473)
couple<65 -0.050%** -0.156%** -0.038*** 6.653%** 3.26]1%**
(0.011) (0.051) (0.011) (2.429) (0.631)
couple>65 -0.071*** -0.168%** -0.063*** 8.428*#* 3.695%**
(0.010) (0.064) (0.010) (3.066) (0.567)
Years of education -0.001 -0.006 -0.000 0.329 0.014
(0.001) (0.006) (0.001) (0.249) (0.033)
Employed 0.026 0.004 1.508**
(0.018) (0.018) (0.735)
Private employee 0.020 0.022 0.023 -1.271 -1.149%*
(0.015) (0.039) (0.015) (1.877) (0.609)
Public employee -0.020 -0.043 -0.001 1.556 -0.520
(0.015) (0.038) (0.015) (1.552) (0.585)
Self employed 0.059%#** 0.084* 0.050** -5.706** -2.204**
(0.021) (0.046) (0.022) (2.388) (1.012)
Industries:
Mining and quarrying 0.011 0.153 0.004 -0.751 -0.170
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(0.015) (0.145) (0.014) (5.617) (0.871)
Manufacturing 0.008 0.017 0.006 0.773 -0.195
(0.007) (0.079) (0.007) (3.313) (0.401)
Electricity, gas and water 0.019 0.049 0.016 -0.033 -1.206
(0.014) (0.118) (0.013) (5.900) (0.770)
Construction 0.004 0.086 -0.002 -2.121 -0.097
(0.009) (0.088) (0.008) (3.9206) (0.479)
Wholesale and retail trade 0.014 0.053 0.008 -1.919 -0.370
(0.009) (0.087) (0.008) (3.630) (0.457)
Hotels and restaurants 0.038*** 0.139 0.025* -2.878 -1.056
(0.014) (0.101) (0.014) (5.286) (0.872)
Transport, storage, communic. -0.004 0.093 -0.011 -3.916 0.807
(0.009) (0.087) (0.008) (3.774) (0.499)
Financial intermediation -0.005 0.021 -0.008 -2.998 0.205
(0.013) (0.116) (0.012) (4.908) (0.662)
Real estate, renting, business act. 0.004 -0.087 0.016 -2.021 -1.200
(0.020) (0.117) (0.019) (5.727) (1.051)
Public admin. and defence -0.007 -0.083 -0.004 2.575 0.189
(0.008) (0.088) (0.008) (3.631) (0.457)
Education -0.008 -0.112 -0.003 2.154 0.958**
(0.009) (0.086) (0.008) (3.921) (0.427)
Health and social work 0.013 0.058 0.010 -4.528 -0.548
(0.009) (0.090) (0.009) (3.982) (0.558)
Other community 0.018%* 0.065 0.013 -3.161 -0.033
(0.008) (0.080) (0.008) (3.643) (0.439)
Job interruption 0.243%**
(0.039)
Home working -0.044*** -0.062* -0.013 2.309%* 1.099%**
(0.012) (0.032) (0.012) (1.372) (0.497)
Reduced working hours 0.249%**
(0.019)
Interrupted weeks 0.018%** 0.018%** -0.868%**
(0.004) (0.003) (0.124)
Income from others 0.011%* 0.002 0.012%** -0.975 -0.093
(0.005) (0.037) (0.005) (1.689) (0.326)
Second homes -0.001 0.020 -0.003 0.049 -0.017
(0.005) (0.032) (0.004) (1.332) (0.245)
Investments -0.009* -0.051 -0.006 -0.816 -0.126
(0.005) (0.037) (0.005) (1.655) (0.258)
Own business 0.015 0.009 0.021* -0.566 -0.722
(0.013) (0.043) (0.012) (2.190) (0.617)
Tenant 0.013** 0.109** 0.005 -3.974* 0.225
(0.006) (0.045) (0.005) (2.072) (0.319)
Log(Income before Covid) 0.050%** 0.136%** 0.041%** -4.485%* -4.336%**
(0.006) (0.040) (0.006) (2.044) (0.478)
Length of restrictions -0.003*** -0.010 -0.003*** 0.376 0.018
(0.001) (0.009) (0.001) (0.329) (0.066)
Avg. restriction intensity 0.004 -0.006 0.004 0.740 -0.050
(0.003) (0.027) (0.003) (1.056) (0.164)
Make-ends-meet wave? 0.013%** 0.049 0.010%** -1.665 -0.377
(0.004) (0.034) (0.004) (1.368) (0.275)
Observations 18,533 1,203 17,330 1,203 17,330
R? 0.155 0.150 0.036 0.163 0.057

Tab. 14 Dependent variables in columns 1-3 are binary indicators for income losses during the pandemic. Column 1 refers to the entire
sample. Column 2 focuses on the subsample of households that reported either a “Job interruption” (JI) or “Reduced Working Hours”
(RWH). Column 3 refers to the subsample of households that did not have “Job interruption” (JI) or “Reduced Working Hours” (RWH).
Columns 4 and 5 focus on the same subsamples of columns 2 and 3 but use as dependent variables income variations, in percentage
terms, during the pandemic (they span from negative to positive values). Robust standard errors in parentheses. *** p<0.01, **
p<0.05, * p<0.1

Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data.
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Tab. 15 OLS regressions — Dependent variables: worsening and improvement in making ends meet

MeM worsening

MeM improvement

(Income Loss)

(No Income Loss)

(Income Gain)

(No Income Gain)

Female
Household size
plusDeltaSize
minDeltaSize

HH composition and age:
single>65

couple<65
couple>65
Years of education

Employment variation:
Always employed

Employed-Not empl.
Not empl - Employed
Private employee
Public employee
Self employed

Industries:
Mining and quarrying

Manufacturing
Electricity, gas and water
Construction

Wholesale and retail trade
Hotels and restaurants

Transport, storage,
communic.

Financial intermediation

Real estate, renting,
business act.

Public admin. and defence

Education

0.014
(0.009)
0.022%**
(0.006)
0.054*
(0.031)
0.016
(0.012)

-0.050%**
(0.016)
0.030%
(0.017)
-0.002
(0.017)
-0.001
(0.001)

0.013
(0.021)
0.014
(0.012)
-0.010
(0.023)
-0.008
(0.015)
-0.016
(0.015)
0.009
(0.020)

-0.016
(0.029)
0.013
(0.015)
0.009
(0.023)
0.033*
(0.018)
0.028
(0.017)
0.059%*
(0.029)
0.008

(0.018)
0.040%

(0.020)
0.028

(0.026)
-0.003
(0.016)
0.010
(0.016)

0.016
(0.016)
0.008
(0.009)
0.096*
(0.052)
0.005
(0.017)

~0.057**
(0.024)
0.031
(0.028)
-0.007
(0.027)

-0.004%*
(0.002)

0.000
(0.033)
0.008
(0.016)
-0.012
(0.039)
-0.002
(0.025)
-0.029
(0.024)
-0.005
(0.031)

0.008
(0.049)
0.032
(0.026)
0.028
(0.038)
0.089%**
(0.030)
0.058**
(0.028)
0.096**
(0.047)
0.055*

(0.030)
0.053
(0.034)
0.062

(0.040)
0.017
(0.027)
0.041
(0.027)

-0.010
(0.010)
0.032%**
(0.008)
0.018
(0.037)
0.009
(0.016)

-0.038*
(0.019)
0.025
(0.021)
0.003
(0.021)
0.001
(0.001)

0.025
(0.026)
0.010
(0.017)
-0.011
(0.026)
-0.010
(0.018)
-0.008
(0.017)
0.021
(0.023)

-0.036
(0.033)
-0.002
(0.019)
-0.011
(0.027)
-0.007
(0.021)
0.005
(0.021)
0.015
(0.034)
-0.024

(0.022)
0.031
(0.025)
0.004

(0.032)
-0.021
(0.019)
-0.016
(0.019)
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-0.036%*
(0.017)
-0.032%**
(0.006)
0.046
(0.037)
0.018
(0.019)

0.064%**
(0.020)
-0.064%**
(0.023)
0.005
(0.023)
0.001
(0.002)

-0.013
(0.039)
-0.019
(0.022)
-0.022
(0.044)
0.014
(0.031)
0.001
(0.030)
-0.033
(0.044)

-0.040
(0.041)
-0.041%*
(0.018)
-0.034
(0.037)
-0.039*
(0.022)
-0.020
(0.022)
-0.038
(0.032)
-0.024

(0.024)
-0.031
(0.046)
-0.076

(0.063)
-0.004
(0.025)
0.009
(0.026)

-0.027
(0.024)

-0.046%***

(0.010)
0.061
(0.048)
0.033
(0.032)

0.052%*
(0.027)

-0.100%**

(0.031)
-0.025
(0.031)
0.003
(0.002)

-0.021
(0.051)
-0.027
(0.036)
-0.016
(0.054)
0.018
(0.039)
0.014
(0.038)
-0.074
(0.059)

-0.078
(0.054)
0.057%*
(0.024)
0.021
(0.049)
-0.057*
(0.030)
-0.022
(0.030)
-0.048
(0.043)
-0.019

(0.032)
-0.065

(0.059)
0.006

(0.089)
0.000
(0.033)
-0.037
(0.033)

-0.052%**

(0.024)

-0.026%***

(0.009)
0.038
(0.059)
0.007
(0.023)

0.080%**

(0.029)
-0.004
(0.034)
0.045
(0.034)
-0.004%*
(0.002)

-0.029
(0.061)
-0.029
(0.028)
-0.046
(0.080)
0.020
(0.050)
-0.020
(0.048)
0.034
(0.065)

0.007
(0.063)
-0.017
(0.029)

-0.127**

(0.054)
-0.015
(0.033)
-0.019
(0.033)
-0.020
(0.049)
-0.034

(0.037)
0.021
(0.075)

-0.176**

(0.082)
-0.004
(0.039)
0.076*
(0.041)



Health and social work 0.025 0.054* 0.003 -0.001 -0.039 0.052

(0.017) (0.028) (0.021) (0.027) (0.035) (0.041)
Other community 0.014 0.057** -0.017 -0.041** -0.033 -0.056*
(0.016) (0.027) (0.019) (0.020) (0.027) (0.030)
Job interruption -0.043 -0.030 -0.049 0.104* 0.041 0.214**
(0.034) (0.051) (0.037) (0.063) (0.091) (0.089)
Home working -0.004 -0.000 -0.011 0.049%* 0.037 0.059
(0.012) (0.019) (0.013) (0.029) (0.037) (0.047)
Reduced working hours 0.017 0.003 0.046** -0.007 0.034 -0.033
(0.016) (0.023) (0.021) (0.033) (0.044) (0.050)
Interrupted weeks 0.010%* 0.011%* 0.007 -0.025%** -0.025** -0.024***
(0.004) (0.0006) (0.005) (0.007) (0.010) (0.009)
IncLoss_Corona 0.116%** 0.122%** -0.030
(0.015) (0.026) (0.032)
IncLoss_waves 0.030%** 0.033 0.030*
(0.007) (0.031) (0.017)
IncGain_Corona 0.042 0.005 0.026
(0.033) (0.023) (0.033)
IncGain_waves -0.003 0.016 0.025
(0.008) (0.012) (0.039)
Log(Income before Covid)  -0.203***  -(0.219%** -0.185%** 0.335%** 0.363%*** 0.321%**
(0.015) (0.027) (0.013) (0.014) (0.019) (0.021)
Income from others -0.002 -0.007 0.002 -0.024* -0.029* -0.021
(0.008) (0.014) (0.009) (0.013) (0.017) (0.020)
Second homes -0.019*** -0.019 -0.014* 0.009 0.005 0.015
(0.007) (0.012) (0.008) (0.014) (0.019) (0.020)
Investments -0.021***  -0.034%*** -0.012* 0.116%** 0.094%** 0.142%**
(0.006) (0.011) (0.007) (0.023) (0.030) (0.035)
Own business 0.035%* 0.067*** 0.006 0.045 0.071 0.023
(0.014) (0.022) (0.016) (0.035) (0.052) (0.049)
Tenant 0.029%** 0.045%** 0.018 -0.076%** -0.108*** -0.023
(0.010) (0.017) (0.011) (0.016) (0.022) (0.024)
Length of restrictions 0.006*** 0.009%** 0.003 -0.004 0.001 -0.008*
(0.002) (0.003) (0.002) (0.003) (0.005) (0.005)
Avg. restriction intensity 0.003 0.009 -0.004 -0.001 0.009 -0.015
(0.006) (0.009) (0.007) (0.011) (0.015) (0.0106)
Observations 10,941 4,622 6,319 7,592 4,510 3,082
R? 0.199 0.220 0.164 0.223 0.212 0.233

Tab. 15 Dependent variables in columns 1, 2 and 3 are binary indicators for worsening in making ends meet from wave 7 to SHARE
Corona, for the subsample of households that did not report some or great difficulties in making ends meet in wave?7. Dependent
variables in Columns 4, 5 and 6, instead, are binary indicators for improvement in making ends meet from wave 7 to SHARE Corona,
for the subsample of households who had some or great difficulties in wave7. Columns 1 and 4 refer to the full (respective) subsamples.
Columns 2 and 5 focus, respectively, on the subsample of households with an income loss or an income gain (either between waves
or during the pandemic), while columns 3 and 6 focuses, respectively, on the subsample of households without any income loss or
income gain. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.

Source: Authors’ elaboration using SHARE Corona and SHARE waves 1-2 and 4-8 data.

A.4 Country-specific policy reactions to the pandemic and economic outcomes

To contain the spread of Covid-19, governments adopted a series of measures ranging from mild mobility
restrictions to strict lockdown of economic activities, following the evolution of the pandemic. Such
restrictions in many cases exacerbated (sometimes pre-existing) household economic difficulties.

Fig. 9 shows, for each country, the percentage of households reporting a worsening of their ability to make
ends meet (from no difficulties to some or great difficulties) against the OXCGRT “stringency index”.
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Fig. 9 Worsening of ability to make ends meet and intensity of restrictions
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Fig. 9 The figure shows, for each country, the percentage of households that worsened the economic condition, measured by a
worsening in making ends meet (y-axis), and the restriction severity (x-axis), using calibrated cross-sectional household weights.
Worsening in making ends meet is defined as the transition from no difficulties in making ends meet (SHARE w7) to some or great
difficulties (SHARE Corona survey). We compute restriction severity in two steps. We first compute, for each household, the average
stringency index for the time window starting from the first week in which restrictions were introduced to the week of the household
interview. Then, we average, at the country level, household intensity of restrictions.

Source: Authors’ elaboration using SHARE Corona and SHARE waves 7 data (graphics program: STATA).

Restriction severity ranges from a minimum of 40.78% for Estonia to a maximum of 63.89% for Italy, with an
average value of 54.77%."'* The intensity of government restrictive measures is especially high (above the
average) in most of the Mediterranean countries (Spain, Italy, France, Portugal, and Cyprus) together with
Israel.

Across countries, the average percentage of households that are worse off (in terms of making ends meet) is
about 8%. Countries that report great worsening are in South and East Europe (Spain, Italy, Poland, Hungary,
Slovenia, Estonia, Croatia, Bulgaria, Latvia, Malta, Romania, and Slovakia plus Israel).

Fig. 9 shows a positive, although weak, correlation between household economic distress and severity of
restrictions. We can see that twelve countries lie above the regression line (Estonia, Latvia, Bulgaria, Slovenia,
Slovakia, Hungary, Malta, Poland, Romania, Spain, Israel, and Croatia), indicating a marked worsening in
making ends meet with respect to what we can predict from the stringency index, while the remaining
fourteen countries are below the line.

14 To measure restriction severity, we first compute, for each household, the average stringency index for the time
window starting from the first week in which restrictions were introduced to the week of the household interview. Then,
we average, at the country level, household intensity of restrictions.
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